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Convolutional Neural Network. ArtiNcial Neural Networks with numerous layefs are termed as Deep
Neural Networks or Deep Learning. INhas been explored as one another resource in recent years
and has become quite well recognized Yp the literary community becays€ of its efficiency to manage . .
with huge amounts of data [17]. The mo\t we]l-knowri profound neural network is the Convolutional I—I | ndEWl
Neural Networks (CNNs), which takes its\name from operation of mathematical dimension from the

Neural Network (CNN) has various types of layers; it
includes pooling, nonlinearity, and convolutipnal and fully connected layers. Convolutional Neural
Network has pivotal outcomes over previous dgcades in an assortment of fields identified wit

acknowledgment| fron] picture handling t voice acknowledgment [ |5]. The significant part o
15 o get theoreucal highlights\when mformation proliferates towards the mor¢ profound layers.
tion, the edge may be distinguished in the principal lavers. and deep |ayers |
in the subsequent layers, and afterward thd more elevated Ic\fcll

instance, in picture characteri
highlights. - -
| image processing * |

matrixes termed convolution. Convolution.

pattern recognition * |

afterward the less difficult shap
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Scholarly articles for spectral local linearization method
A new spectral local linearization method for nonlinear ... - Motsa - Cited by 173

... conditions using spectral local linearizatiocn methed - Sithole - Cited by 23

P \ Spectral methods fo solve nonlinear problems: A ... - Rai - Cited by 27

The spectral local linearization method. The
[unearthly neighborhood linearization technique |
[(SLLM) can be used to unravel an

arrangement of the non-comparable
A . conditions. Within this method the criteria for
~o ' logarithmic criteria are linearized using
thoughts similar to the Gauss—Seidel
approach.

@ ScienceDirect.com
hitps iwww sciencedirect com » science » article » pii

Spectral methods to solve nonlinear problems: A review
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https://web.archive.org/web/20240521113315/https.//www.google.com/search?client=firefox-b-d&qg=spectral+local+linearization+method#ip=1 (21 mai 2024)
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Modélisation par masquage

(Gehrmann et al., 2019 ; Martel et al., 2024 ; Clausse, 2025)

Attendu — Exceptionnel — Inattendu
_Convolutional Meural Network I e i in as assortment of fields identified with
design acknowledgment fmrl; picture handling Iin voice adumwledgmenﬁ
H. d . Convolutional Neural Network has pivotal outcomes over previous decades in as assortment of fields identified with
L indawil pattern recognition, from image processing to voice recognition.
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Interprétation par des LLMs
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